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O Python ( https://www.python.org/ ) P
v Pythonift&F1989FHZL RIS

v 5% 08 (Guido van Rossum) pg’[hOﬂm
v' BBCHYshow: “Monty Python's Flying Circus”

Source code
Source code Input

Compiler Interpreter
Input — PI;;%::T] ——  Output E Output

v Python0.9 (1991, Single) -» Python1.0 (1994, Mailing List)
v Python2.0 (2000, SourceForge) -» Python3.0 (2008, Unicode)

22 Dropbox facebook 2 do.ba

3 YouTube (@) Instagram, A F-
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TIOBE Programming Community Index

Source: www.tiobe.com
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#include <stdio.h>

int main() {
intn, sum =0;

("Enter a number: ");
("%d", &n);

for (inti=1;i<=n;i++) {

sum +=i;
}
("Sum of numbers from 1 to %d is %d\n", n, sum);
return O;
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n = int( ("Enter a number: "))
— ( (1, n + 1))

(f"Sum of numbers from 1 to {n} is { ")
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D(x) = §

1 otherwise

Electronic Brain by
McCulloch & Pitts

Backpropagation
& automatic
differentiation.

dy dy Ow,
Oz Ow, Oz

Automatic differentiation
by Seppo Linnainmaaf

Soft-margin
SVM is
introduced.

\

\ A\
Support Vector Machines
by S. Vapnik & Cortes

First significant
results in deep
learning.

AlexNet by
Krizhevsky & Hinton

Turing test is
proposed.

-t
2

Turing Test by
Alan Turing

Al Winter (1974-1980)

The first convolutional
neural network (CNN).

Neocognitron by
Kunihiko Fukushima

=

MNIST by
NIST

Word embeddings
become popular.

Word2Vec by
Tomas Mikolov

https://zhuanlan.zhihu.com/p/375549477

One of the first
computer

. -.- board game.

Checkers Program by
Arthur Samuel

Foundation of
graphical
probabilistic models.

Bayesian Networks by
Judea Pearl

DeepBlue beats
Kasparov in
chess.

DeepBlue by
IBM

Weights
automatically
learned

Perceptron by
Frank Rosenblat

*.. popularized.

Backpropagation in MLP by
Rumelhart, Hinton, Williams

! ﬁ The first cost
function.

E(w) ,Zly. o))’
b

Widorow & Hoff

Convolutional neural

" LSTM for addressing
vanishing gradients.

Long Short-Term Memory
(LSTM) by Schmidhuber.

e Generative Adversarial
4 Network (GAN)

introduced.

lan Goodfellow

b DeepMind

The first program to beat a
professional Go player.

AlphaGo by
DeepMind

Perceptron
cannot
learn XOR.

XOR Problem by
Minsky & Papert

ADALINE by

Al Winter (1987-1993)

ﬂ Almost champion-level
\ backgammon, using
reinforcement learning.
AL
kb £l

TD-Gammon by

Gerald Tesauro
is possible. large-scale

s = image dataset

. is introduced.

£ IMAGE

networks (CNN)
used for recognizing
handwriting.

LeNet by
Yann LeCun

Deep learning ImageNet, a

4. 8 o
Deep Boltzman Machine
by Ruslan & Hinton

ImageNet by
Fei-Fei Li

it Google Al

& DeepMind
Grandmaster level
in Startcraft Il

Pretrained
language models.

BERT by
Google Al

AlphaStar by
DeepMind
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PythonFF&iGE%a

0O %%EPython
v BA FEMILE: https://www.python.org
v BT NI EERRThRPython

O i=17Python
v REIRT
- FIH G SITIRTHRE, BApythonfg</a
- HIL ">>>" \BaRF, BiANEGprint("hello world™)
v SHRT
- FENANE, HEEEH "py”
- GRAESFAE Aprint("hello world"), BISHAESRRIET


https://www.python.org/
https://www.python.org/

Python & IMER S
O Piptg<>
v RIS pip install [-i ZI<iR] AR
v - 2RR iEEERIRLER TEIEE
v iBREREZLEIR: https://pypi.tuna.tsinghua.edu.cn/simple
v FIEZ=ZEIR: http://mirrors.aliyun.com/pypi/simple
v iR http://pypi.douban.com/simple

O A FEERZERE

v NumPy, matplotlib, scikit-learn, TensorFlow, Keras
v ERpipIES—REER



Python & IR%ES

0 Br=x8ER
v' pip show &&FR
v 40: pip show numpy

O EzE
v' pip uninstall B2&ZFR
v' pip uninstall numpy



PythonFF&iGE%a

O S=pH &R
v B&fRIDE, —RBEENBRE=S. FEss. ESNETRRAES
TH, seBRAFANER

O Python=EFIDE
v IDLE: PythonHts, j&z~print("hello world")
v’ JupyterLab: EFWebgyPython&EmFF&INE
- LI5S pip install jupyterlab
- B{718<: jupyter lab
v PyCharm:
- & https://www.jetbrains.com/pycharm-edu/
v VScode+ap1T (HEfF)
-» &: https://code.visualstudio.com/download



PythonH &R %E

O Z4<Python \ TE e EMEEETLZZ<Python, HEIpipte<S T
TERENNE, RFETE—FRANERFAINE

O Anaconda2— PythonBI&EERE, 22— 1N HRERIPython&iThRA, &
&7 conda, PythonF180ZNMRIZFEREMKIMIT ()

O FEgteil: https://www.anaconda.com/
O ;8458 https://mirrors.tuna.tsinghua.edu.cn/
v ==> %8¢ anaconda

v ==> 1%#% archive
v ==> MIZ NERMRART Nk
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https://www.anaconda.com/
https://mirrors.tuna.tsinghua.edu.cn/
https://mirrors.tuna.tsinghua.edu.cn/
https://mirrors.tuna.tsinghua.edu.cn/

B

O REEK

O Pythonfa/

O ATEeEEN

O PythonIfiEZdE

O {rlk: MOOCE—E (DDL: #i2E£iEAN)

0 {15%: 81 ATEECHBN EZ3Pythonifis
v E7F Anaconda + Vscode R4S
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